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reduce information overload
recommend matching items
explore and consume content
enable browsing

help to discover novel content



Recommenders are evaluated
mainly with accuracy measures
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reduce information overload
recommend matching items
explore and cosume content
enable browsing

help to discover novel content



explore and consume content
enable browsing
help to discover novel content
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repeat his visit to 1955 to prevent
disastrous changes to 1985... without
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Collaborative filtering (CF) recommendations:

based on ,,people who liked this also liked...”
169k titles

Content-based (CB) recommendations:
based on title, genres, actors, etc.
785k titles



Recommendation networks
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1. Reachability
2. Navigability



Largest network component



Largest network component
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Eccentricity
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Improvement through diversification



1. Random



1. Random

2. Diversify: minimize similarity to others
[Ziegler et al. 2005]



. Random

2. Diversify: minimize similarity to others

[Ziegler et al. 2005]

. ExpRel: maximize neighborhood size
[KUcUktunc et al. 2013]
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1. Reachability
2. Navigability



How well do the networks fare in browsing scenarios?



Navigability
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Navigability
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Navigability
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O Start Node

Decentralized Search A C/Ci @ tntormodinte Node
%i{o_'j )} @ Target Node

Start: random nodes in the largest component
Targets: IMDb genre top lists
Link selection: based on TF/IDF similarity to target

We simulate around 10k missions
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IMDb does not support explorative scenarios well
Diversification improves navigability & reachability

CF leads to a larger component, but poorer navigability

— trade-off coverage & navigability

Implement more advanced recommendation algorithms
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